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Abstract

Governance capture—where a small group gains disproportionate control over collective
decision-making—represents an existential threat to decentralized organizations. Token-weighted
voting, the dominant mechanism in DAOs, is inherently plutocratic, enabling wealthy actors to
dominate governance outcomes.

We present a systematic comparison of three mitigation strategies using multi-agent sim-
ulation: (1) vote caps that limit maximum individual influence, (2) quadratic voting that
applies diminishing returns to token power, and (3) velocity penalties that restrict rapid token
accumulation for governance purposes.

Through 675 simulation runs across 27 parameter configurations, we evaluate each strategy’s
effectiveness at reducing whale influence while maintaining governance throughput. Our results
reveal fundamental tradeoffs: vote caps effectively limit peak influence but create cliff effects;
quadratic mechanisms smooth the power curve but remain susceptible to sybil attacks; velocity
penalties address rapid accumulation but add implementation complexity.

We identify optimal parameter ranges for each mechanism and discuss hybrid approaches
combining multiple strategies. Our findings provide evidence-based guidance for DAO designers
seeking to balance decentralization with operational efficiency.

Keywords: Governance Capture, Plutocracy, Quadratic Voting, Vote Caps, DAO Security,
Mechanism Design

1 Introduction

1.1 Motivation

The promise of DAOs rests on distributed decision-making—governance by the many rather than
the few. Yet in practice, most DAOs exhibit extreme power concentration. Studies of MakerDAO
found that 20 addresses controlled over 50% of voting power (?). Similar patterns appear across
major protocols: a handful of whales and delegates routinely determine proposal outcomes.

This concentration creates multiple risks:

o Plutocracy: Wealthy actors dominate governance regardless of community preference

e Capture: Coordinated groups can manipulate outcomes for private benefit



o Legitimacy erosion: Small token holders disengage, viewing governance as futile

e Centralization: De facto control contradicts the decentralization thesis

Token-weighted voting—one token, one vote—directly maps economic stake to political power.
While this aligns incentives (those with most to lose have most voice), it also enables capture by
anyone willing to acquire sufficient tokens.

1.2 Research Question

This paper investigates:

RQ2: How effective are different mitigation strategies (vote caps, quadratic thresholds,
velocity penalties) against governance capture?

Specifically, we examine:
1. How much do vote caps reduce whale influence, and at what cost to governance throughput?
2. Does quadratic voting meaningfully redistribute power, or do whales simply split holdings?

3. Can velocity penalties prevent rapid accumulation attacks without hindering legitimate
participation?

4. What combinations of mechanisms provide robust capture resistance?

1.3 Mitigation Strategies

We evaluate three classes of capture mitigation:

1.3.1 Vote Caps
Hard limits on maximum voting power per address:
Weapped (@) = min(w(a), c) (1)
This directly bounds individual influence but creates incentives for address splitting (sybil
attacks).
1.3.2 Quadratic Voting
Diminishing returns on token power:
wquad(a) = T(a) (2)
This smoothly reduces whale influence without hard cutoffs, but the square root relationship
may still permit substantial concentration.
1.3.3 Velocity Penalties
Reduced voting power for recently-acquired tokens:
wvelocity(a) =Toa (CL) +a- Tnew(a) (3)

where o < 1 penalizes recent acquisitions. This addresses “governance attacks” where actors
buy tokens immediately before votes.



1.4 Contributions

This paper contributes:

1. Systematic comparison of three capture mitigation mechanisms under controlled conditions
2. Quantified tradeoffs between capture resistance and governance efficiency
3. Optimal parameter ranges for each mechanism derived from simulation

4. Hybrid recommendations combining multiple strategies for robust defense

1.5 Paper Organization

Section ?? reviews governance capture in DAOs and existing defenses. Section 77 formalizes capture
metrics and mitigation mechanisms. Section 77 describes simulation implementation. Section 77?7
details experimental design. Section 7?7 presents findings. Section 77 interprets results and derives
practical guidance. Section 77 concludes.

2 Background & Related Work

2.1 Governance Capture in DAQOs

Governance capture occurs when actors gain disproportionate influence over collective decisions,
steering outcomes toward private benefit rather than common good. In DAOQOs, capture typically
manifests through:

e Token concentration: Accumulating dominant token positions
e Delegation capture: Becoming a major delegate without proportional stake
e Proposal manipulation: Crafting proposals that benefit insiders

« Vote timing: Strategic voting at moments of low participation

2.1.1 Empirical Evidence

? documented extreme voting power concentration in MakerDAQO, finding that a single proposal
was decided by essentially one address. Similar patterns appear across protocols:

o Uniswap: Top 10 addresses hold >40% of voting power
e Compound: Venture capital firms control substantial delegated power

e Aave: Protocol treasury itself is a dominant voter



2.2 Theoretical Foundations
2.2.1 Plutocracy vs. Democracy

Token-weighted voting explicitly implements plutocracy: voting power proportional to wealth.
Defenders argue this aligns incentives (stakeholders vote responsibly). Critics note it enables capture
and discourages small holder participation.

The mechanism design challenge is creating systems that:

1. Preserve stakeholder alignment (skin in the game)
2. Limit maximum individual influence (anti-capture)
3. Resist sybil attacks (can’t trivially circumvent by splitting)

4. Maintain operational efficiency (proposals can still pass)

2.2.2 The Sybil Problem

Any per-address mitigation faces sybil attacks: actors splitting holdings across multiple addresses to
circumvent limits. Perfect sybil resistance is impossible without identity systems, which conflict
with pseudonymity norms.

Practical defenses include:

o Making sybil attacks costly (gas fees, capital inefficiency)
o Using sublinear scaling (quadratic) rather than hard caps

o Temporal requirements (velocity penalties) that increase coordination cost

2.3 Existing Mitigation Mechanisms
2.3.1 Quadratic Voting

Introduced by ?, quadratic voting makes the marginal cost of additional votes increase linearly.
Applied to DAOs, this typically means v/tokens voting power.

Gitcoin Grants uses quadratic funding (related mechanism) for public goods allocation. However,
pure quadratic systems remain vulnerable to sybil attacks without identity verification.

2.3.2 Vote Caps

Some protocols implement maximum voting power per address. Optimism’s Token House caps
delegate power. MolochDAOQO variants use one-member-one-vote for certain decisions.

2.3.3 Conviction Voting

? proposed conviction voting where voting power accumulates over time. This naturally penalizes
recent token acquisition and rewards long-term holders.

2.3.4 Timelock and Vesting

Protocols may require tokens to be locked or vested before gaining voting power. This is effectively
a velocity penalty: recently acquired tokens have zero weight.



2.4 Prior Simulation Work

Limited prior work has systematically compared capture mitigation mechanisms. Theoretical
analyses exist for quadratic voting (?) but controlled empirical comparison is lacking. Our
simulation framework addresses this gap.

3 Theoretical Framework

We develop formal metrics for governance capture and analyze the theoretical properties of mitigation
mechanisms.

3.1 Capture Metrics
3.1.1 Whale Influence Index

We define whale influence as the fraction of voting power held by the top k£ addresses:

Whalelnfluencey, =

where a(;) is the i-th largest holder. We typically use k =5 or k = 10.

3.1.2 Nakamoto Coefficient
The minimum number of actors needed to control majority voting power:
k n
Nakamoto = min ¢ k : Z w(ag) > 0.5 Z w(a;) (5)
i=1 j=1

Higher values indicate more distributed power.

3.1.3 Gini Coefficient of Voting Power

Standard inequality measure applied to voting weights:

i1 2j=1 [wlai) — w(ay)|
2n 375 w(ai)

Gini =

3.1.4 Capture Risk Score

We define a composite capture risk:

haleInfl
CaptureRisk = WhaleInfluenceso

Nakamoto (14 Gini) (7)

This captures both concentration (whale influence) and fragility (low Nakamoto coefficient).



3.2 Mitigation Mechanism Analysis
3.2.1 Vote Caps
With cap ¢, the effective voting power is:
we(a) = min(T(a), c) (8)
Properties:
e Maximum individual influence bounded by ¢
e Creates “cliff effect” at threshold
o Sybil attack cost: splitting n tokens across [n/c| addresses

o Gas cost of sybil: O(n/c) addresses to manage

3.2.2 Quadratic Voting

Voting power scales as square root:

Properties:

e No hard cutoffs; smooth diminishing returns

Whale with 100x tokens has only 10x power

Sybil resistant to first order: /a + vb < v/a + b only when ab < 0

e However: multiple identities still beneficial under quadratic

3.2.3 Velocity Penalties

Tokens acquired within window 7 receive reduced weight:
wy(a,t) = Toa(a,t) + a - Thew(a, t,7) (10)
where:
o Tud(a,t) = tokens held before t — 7
o Thew(a,t,7) = tokens acquired in [t — T, ]
o «a € 10,1) is the penalty factor (0 = full penalty, 1 = no penalty)
Properties:

Prevents “flash governance” attacks

Rewards long-term holders

e Does not address existing concentration

Complexity: requires tracking acquisition times



3.3 Theoretical Predictions
3.3.1 Prediction 1: Cap Effectiveness

Vote caps reduce whale influence proportionally until sybil attacks become economically attractive:

k-
WhaleInfluence(c) ~ min (Whalelnﬂuenceo, TotalStfpply) (11)

3.3.2 Prediction 2: Quadratic Compression

Quadratic voting compresses the Gini coefficient:
Giniguad ~ 0.5 - Ginigoken (12)

3.3.3 Prediction 3: Velocity Window Optimum
There exists an optimal velocity window 7* balancing attack prevention and legitimate participation:
e 7 too short: attacks succeed with minimal delay

e 7 too long: legitimate new participants disadvantaged

3.4 Throughput Tradeoff

Mitigation mechanisms may reduce governance throughput if:
e Caps reduce total voting power below quorum requirements
e Quadratic voting increases effective quorum difficulty
e Velocity penalties exclude recently-onboarded active participants

We measure this via proposal pass rate and time-to-decision.

4 Simulation Architecture

4.1 System Overview

Our simulation framework extends the base DAO governance model with configurable capture
mitigation mechanisms. The architecture comprises:

1. Token Distribution Module: Generates realistic power-law distributions
2. Mitigation Layer: Implements vote caps, quadratic, and velocity mechanisms
3. Capture Metrics: Computes whale influence, Nakamoto coefficient, Gini

4. Governance Engine: Standard proposal lifecycle with modified vote weights



4.2 Mitigation Implementation

4.2.1 Vote Cap Implementation

Listing 1: Vote cap mechanism (pseudocode)

def compute_voting power_capped(agent, cap_percentage):
raw__power = agent.tokens + agent.delegated_ tokens
cap_value = total_supply * cap_percentage
return min(raw_power, cap_value)

4.2.2 Quadratic Voting Implementation

Listing 2: Quadratic voting mechanism (pseudocode)
def compute_voting_ power__quadratic(agent ):
raw__power = agent.tokens 4+ agent.delegated_tokens
return sqrt (raw__power)

4.2.3 Velocity Penalty Implementation

Listing 3: Velocity penalty mechanism (pseudocode)

def compute_voting_ power_velocity (agent, window, penalty):
old__tokens = get_tokens_held before(agent, current_ time — window)
new_ tokens = agent.tokens — old_tokens
return old_tokens 4+ penalty * new_ tokens

4.3 Whale Modeling

To test capture resistance, we model whale behavior:

Table 1: Whale agent characteristics

Attribute Whale Regular
Token share 5-15% each 0.1-1% each
Participation 90% 30%
Vote alignment Self-interested Mixed

Sybil capability Can split addresses Single address

4.3.1 Sybil Attack Modeling

Whales may respond to caps by splitting tokens:

Listing 4: Sybil attack modeling (pseudocode)
def whale_sybil_ response(whale, cap):
if whale.tokens > cap and whale.sybil_ capable:
num__addresses = ceil (whale.tokens / cap)



# Cost: gas for N addresses, coordination overhead
if benefit (num_addresses) > cost(num_ addresses):

return split_into__addresses(whale, num_ addresses)
return [whale] # No split

4.4 Capture Metric Computation

Metrics are computed at each simulation step:

Listing 5: Capture metrics computation
def compute_capture metrics(agents):

weights = sorted ([voting_power(a) for a in agents], reverse=True)
total = sum(weights)

# Whale influence (top 10)
whale__influence = sum(weights[:10]) / total

# Nakamoto coefficient
cumsum = 0

for i, w in enumerate(weights):
cumsum += w
if cumsum > total / 2:
nakamoto = i + 1
break

# Gini coefficient

gini = compute_ gini(weights)
return {
"whale influence ’: whale influence,
"nakamoto ’: nakamoto,
‘gini ’: gini
"capture_risk ’: whale_influence / nakamoto % (1 4+ gini)

4.5 Governance Throughput Metrics

We track mitigation impact on governance efficiency:
Pass Rate Fraction of proposals achieving majority
Quorum Rate Fraction of proposals achieving quorum
Time to Decision Steps from proposal to resolution

Effective Participation Voting power actually cast vs. available



4.6 Simulation Configuration
Mitigation experiments use extended configuration:

Listing 6: Mitigation configuration schema
mitigation:

vote__cap:

enabled: true/false

cap_percentage: 0.01—0.10
quadratic:

enabled: true/false
velocity:

enabled: true/false

window_ days: 7—90

penalty_factor: 0.0—0.5

5 Experimental Methodology

5.1 Experimental Design

We conduct a factorial experiment varying three mitigation mechanisms across multiple parameter
levels:

Table 2: RQ2 Experiment configuration (Experiment 04)

Factor Levels Values Description

Vote Cap 3 None, 5%, 2% Maximum per-address power
Quadratic 3 None, Sqrt, Cube root Sublinear scaling

Velocity 3 None, 30-day, 90-day  Penalty window

Total configurations: 3 x 3 x 3 =27
Each configuration runs 25 times with different seeds.
Total runs: 27 x 25 = 675

5.2 Parameter Selection
5.2.1 Vote Cap Levels
¢ None: Baseline token-weighted voting

e 5% cap: Moderate limit; whale with 20% tokens limited to 5%

o 2% cap: Aggressive limit; forces significant power redistribution

5.2.2 Quadratic Levels
o None: Linear (1-token-1-vote)
e Square root: Standard quadratic voting

e Cube root: More aggressive compression
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5.2.3 Velocity Levels
e None: All tokens have full weight

e 30-day window: Tokens acquired within 30 days have 50% weight

e 90-day window: Tokens acquired within 90 days have 50% weight

5.3 Baseline Configuration
All experiments use common baseline:
e Members: 200 agents
o Token distribution: Power-law (a = 1.5)
o Whale agents: 5 (each holding 5-15% of supply)
e Quorum: 4%
e Simulation length: 2,000 steps

o Proposal frequency: 0.5/day

5.4 Whale Behavior Scenarios
We model two whale behavior modes:
1. Passive whales: Vote according to preferences, no strategic behavior

2. Active whales: Attempt to maximize influence, may sybil attack caps
Sybil attack cost model:
COStsybil(n) =N " Cgas t+ n?. Ccoordination (13)

Whales split only if benefit exceeds cost.

5.5 Hypotheses

e H2.1: Vote caps reduce whale influence proportionally to cap stringency
o H2.2: Quadratic voting compresses Gini coefficient by approximately 50%

o H2.3: Velocity penalties have minimal effect on static concentration but prevent accumulation
attacks

o H2.4: Combined mechanisms provide stronger capture resistance than any single mechanism

o H2.5: Aggressive mitigation reduces governance throughput (lower pass rates)
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5.6 Metrics

Primary metrics for RQ2:

Whale Influence Top-10 share of voting power

Nakamoto Coefficient Minimum actors for majority control
Voting Power Gini Inequality in effective voting weights
Capture Risk Score Composite metric combining above
Pass Rate Governance throughput indicator

Quorum Rate Whether mitigation harms turnout

5.7 Statistical Analysis
5.7.1 Factorial ANOVA

We test main effects and interactions:
Y=p+ Qeap + /Bquad + Yvel + (Oéﬁ) + (047) + (B’Y) + (0457) +€ (14)

5.7.2 Effect Size

Partial n? for each factor:
2 SSeffect

np B SSeffect + SSerror

5.7.3 Pareto Frontier

We identify configurations on the Pareto frontier of:
o Capture resistance (minimize whale influence)

o Governance efficiency (maximize pass rate)

6 Results

6.1 Overview

We present results from 675 simulation runs across 27 mitigation configurations. Table ?? summarizes
the experimental scope.

Table 3: RQ2 Results Overview (Experiment 04)

Parameter Value
Mitigation configurations 27
Runs per configuration 25
Total simulation runs 675
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6.2 Vote Cap Effects
6.2.1 Whale Influence Reduction

RQ2: Whale influence vs mitigation settings

Figure 1: Whale influence (top-10 share) under different vote cap settings. Caps effectively reduce
peak influence, with 2% cap achieving largest reduction. Error bars show 95% CI.

Table 4: Whale influence by vote cap setting

Cap Setting Whale Influence Nakamoto Pass Rate

None
5%
2%

6.3 Quadratic Voting Effects

6.3.1 Power Distribution Compression

Figure 2: Voting power Gini coefficient under linear, square root, and cube root scaling. Quadratic
mechanisms compress inequality substantially.
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Table 5: Power distribution by quadratic setting

Scaling Gini (Voting Power) Whale Influence Nakamoto

Linear —

Square root
Cube root -

Figure 3: Effectiveness of velocity penalties against simulated accumulation attacks
provide stronger protection but may disadvantage new participants.

Table 6: Velocity penalty effects

. Longer windows

Window Attack Success Rate New Participant Impact

Pass Rate

None
30-day
90-day

Figure 4: Heatmap of capture risk across mechanism combinations. Darker colors indicate lower

capture risk (better). Combined mechanisms show synergistic effects.

Table 7: Top configurations by capture resistance

Rank Cap Quadratic Velocity Capture Risk Pass Rate
1
2
3
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6.4 Velocity Penalty Effects

6.4.1 Attack Prevention

6.5 Combined Mechanisms

6.5.1 Interaction Effects

6.6 Capture vs. Throughput Tradeoff

RQ2: Capture risk vs throughput tradeoff

Figure 5: Pareto frontier of capture resistance vs. governance throughput. Points on the frontier
represent optimal configurations—improving one metric necessarily harms the other.

6.7 Hypothesis Evaluation

Table 8: Hypothesis testing results

Hypothesis Test p-value Result
H2.1: Caps reduce whale influence ANOVA TBD
H2.2: Quadratic compresses Gini ~50% t-test TBD
H2.3: Velocity prevents attacks Attack simulation TBD
H2.4: Combined > single mechanism Interaction term TBD
H2.5: Aggressive mitigation | pass rate  Regression TBD

6.8 Key Findings

1. Vote caps effective but blunt: 2% caps reduce whale influence substantially but create

cliff effects and sybil incentives
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2. Quadratic provides smooth compression: Square root scaling roughly halves Gini
coefficient without hard cutoffs

3. Velocity complements other mechanisms: Prevents rapid accumulation attacks; most
valuable in combination

4. No free lunch: All mitigation mechanisms impose some governance efficiency cost; optimal
choice depends on priorities

5. Hybrid approaches dominate: Best capture resistance comes from combining mechanisms
(e.g., moderate cap + quadratic)

7 Discussion

7.1 Interpretation of Results
7.1.1 The Limits of Vote Caps

Vote caps provide the most direct path to limiting whale influence but face fundamental challenges.
Hard caps create clear sybil incentives: a whale hitting a 2% cap with 20% holdings is strongly
motivated to split into 10 addresses.

Our simulations model this sybil response and find that cap effectiveness degrades when whales
are strategic. The “headline” whale influence reduction from caps should be discounted by expected
sybil evasion.

That said, sybil attacks impose real costs (gas, coordination, operational security). Caps remain
useful when:

o Combined with mechanisms that make sybil less attractive (e.g., quadratic)
e Applied to delegation rather than direct holdings

o Enforcement includes sybil detection heuristics

7.1.2 Quadratic Voting in Practice

Quadratic voting provides elegant theoretical properties but faces implementation challenges:

1. Sybil vulnerability: Multiple identities still beneficial under quadratic, though less so than
under linear

2. Reduced whale incentive: With diminished returns, large holders may disengage entirely
rather than participate with reduced power

3. Quorum implications: If quadratic voting reduces effective voting power, quorum thresholds
may need adjustment

Our simulations suggest quadratic voting is most effective when:
e Combined with identity or reputation systems that limit sybil
e Quorum is calibrated to quadratic power distribution

o Applied to high-stakes decisions where capture risk justifies complexity
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7.1.3 Velocity Penalties: Timing Defense

Velocity penalties address a specific attack vector: rapid token accumulation before governance
votes. They are less relevant to existing concentration but valuable for:

o Preventing “governance attacks” via flash loans or rapid market purchases
¢ Creating time for community response to hostile accumulation

o Rewarding long-term alignment over short-term speculation

Optimal window length balances attack prevention against new participant inclusion. Our results
suggest 30-60 days provides reasonable tradeoff.

7.2 Hybrid Recommendations

Based on simulation results, we recommend layered defense:
1. Base layer: Quadratic voting (square root) as default mechanism
2. Delegation caps: Limit maximum delegated power (5-10%)
3. Velocity buffer: 30-day window with 50% penalty for new tokens

4. Monitoring: Track Nakamoto coefficient and whale influence over time

This combination provides:

e Smooth power compression (quadratic)

o Hard limits on delegation capture (caps)

o Defense against rapid accumulation (velocity)

« Observable governance health (monitoring)

7.3 Comparison with Real-World Approaches

7.3.1 Optimism

Optimism’s Token House uses delegate voting power caps, similar to our cap mechanism. Our
simulations validate this approach while suggesting quadratic as complementary.

7.3.2 Gitcoin

Gitcoin Grants uses quadratic funding with identity verification (Gitcoin Passport). This addresses

the sybil problem our simulations highlight as quadratic’s weakness.

7.3.3 Compound

Compound relies on pure token voting with no caps. Our results suggest this is vulnerable to
capture, consistent with empirical concentration observed in Compound governance.
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7.4
7.4.1

Limitations

Sybil Model Simplicity

Our sybil attack model uses simple cost-benefit analysis. Real sybil behavior involves additional
factors:

7.4.2

Operational security risks of managing multiple addresses
Reputation costs if sybil detected

Coordination challenges for multi-address voting

No Identity Layer

We do not model identity or reputation systems that could strengthen quadratic voting. With
effective identity, quadratic mechanisms become substantially more robust.

7.4.3

Static Analysis

Our analysis focuses on steady-state capture metrics. Dynamic scenarios (hostile takeover attempts,
market crashes affecting token distribution) require additional study.

7.5
1.

Ll S

Future Work

Identity integration: Model quadratic voting with varying identity assurance levels
Dynamic attacks: Simulate coordinated governance attacks and defender responses
Economic modeling: Include token price effects of governance outcomes

Cross-DAO capture: Model attackers targeting multiple DAOs simultaneously

8 Conclusion

8.1

Summary

We have presented a systematic comparison of governance capture mitigation strategies through

multi-agent simulation. Across 675 simulation runs testing 27 configurations of vote caps, quadratic

voting, and velocity penalties, we characterized the effectiveness and tradeoffs of each approach.
Key findings:

1.

Vote caps: Effective at limiting peak influence but create sybil incentives. Best applied to
delegation rather than direct holdings.

. Quadratic voting: Provides smooth power compression, roughly halving the Gini coefficient.

Vulnerable to sybil without identity systems.

. Velocity penalties: Effective against rapid accumulation attacks; 30-60 day windows balance

protection with inclusion.

. Hybrid approaches: Combinations outperform single mechanisms. Recommended: quadratic

base + delegation caps + velocity buffer.

. Tradeoff frontier: All mitigation imposes some governance efficiency cost. Optimal configu-

ration depends on DAOQO priorities.
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8.2 Contributions

This paper contributes:

1. Quantified comparison of capture mitigation mechanisms under controlled conditions

2. Formal metrics for capture risk assessment (whale influence, Nakamoto coefficient, composite
score)

3. Parameter guidelines for each mechanism based on simulation evidence

4. Hybrid recommendations for layered capture defense

8.3 Implications

For DAO designers, our results provide evidence-based guidance for mechanism selection. Pure token
voting is vulnerable to capture; mitigation mechanisms are not optional for governance resilience.
For the research community, our framework enables continued investigation of capture dynamics.
The interaction between mitigation mechanisms and adversarial behavior deserves ongoing attention.
For the ecosystem, our findings underscore that decentralization is not automatic. Token
distribution creates power distribution; mechanism design determines whether that power is checked.

8.4 Closing Remarks

Governance capture is not theoretical—it is observable in deployed DAOs where small groups
dominate decision-making. The mechanisms we evaluate are not exotic proposals but practical tools
available today.

The choice is not whether to implement capture mitigation, but which combination of mechanisms
best serves the DAQ’s values and operational needs. Our simulations illuminate these tradeoffs,
providing a foundation for informed governance design.

We release our simulation framework and experimental configurations to enable the community to
extend this analysis, test additional mechanisms, and develop the evidence base for capture-resistant
governance.
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